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Sensitivity identification method for new words of social media

using the naive bayes classification
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ABSTRACT

Sensitivity identification method for new words of social media

using the naive bayes classification

SangJin Park

Advisor : Prof. PanKoo Kim Ph.d
Department of Software Convergence
Engineering

Graduate School of Industry Technology

Convergence, Chosun University

From PC communication to the development of the internet, a new term has

been coined on the internet, and the internet culture has been formed due to the
spread of smart phones, and the newly coined word is becoming a culture.
With the advent of social networking sites and smart phones serving as a bridge,
the number of data has increased in real time. The use of internet-words can have
many advantages, including the use of short sentences to solve the problems of
various letter-limited messengers and reduce data. However, internet words does
not have a dictionary meaning and there are limitations and degradation of
algorithms such as data mining.

Recently, with the influence of fourth industrial revolution, data has been formed
as valued. Therefore, in this paper the opinion of the document is confirmed by
collecting data through web crawling and extracting new words contained within
the text data and establishing an emotional classification. The progress of the
experiment is divided into three categories. First, A word collected by collecting a
new word on the Internet is subjected to learned of affirmative and negative.

Next, to derive and verify emotional values using standard documents, TF-IDF

1s used to score noun sensibilities to enter the emotional values of the data. As
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with the newly Internet words, the classified emotional values are applied to verify
that the emotions are classified in standard language documents.
Finally, a combination of the newly coined words and standard emotional values is

used to perform a comparative analysis of the technology of the instrument.
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[3E 3-6] 2l=xo] Ao we 4/54 w4

e

Word Sensitivity Word Sensitivity
=7 positive &) =} positive

7fol = positive 44 negative
=3 negative =% negative

M negative =% negative
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Froll i
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[

3-7) Azl 33

txt = emoji_pattern.sub(r’’,txt)
txt = spliter.pos(txt, norm=True, stem=True)
for n,c in txt:
return_list.append(n)
for li in return_list:
if i in positves and len(li) >= 2:
po.append(li)
for li in return_list:
if i in negatives and len(li) >= 2:

ne.append(li)

po = count(po)
ne = count(ne)

r’

outpo =
outne = '’
for posi in po:

outpo += posi
for nega in ne:

outne += nega

print(filename)

wh.save(filename)
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(2)

TF— IDF(t,d,D) = TF(t,d)IDF(t, D)
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[ 4-1] Az Y &85 & =55 A% daudds

def naive_bayes_classifier(test, train, all_count):

counter = 0
list_count = []
for i in test:

for j in range(len(train)):

if i == train[j]:
counter = counter + 1

list_count.append(counter)

counter = 0
list_naive = []

for i in range(len(list_count)):

list_naive.append((list_count[i]+1)/float(len(train)+all_count))
result = 1
for i in range(len(list_naive)):
result *= float(round(list_naivelil, 6))
return float(result)*float(1.0/3.0)

[} 4-2] =49 Az g &7 <Al

% (Sentence) pos:neg 23

“o] F3t g+ EH LB _ .
PR 1.0:2.8 positive
“EM = olgkel?.. AMels EF7 1.0:1.8 positive

“Ah 3 9bA Bl _ )
Ao " 22110 negative
“B =3 Y. dA] dxA 7 1.8:1.0 negative

o] LAk Alzojrl ¥stE EAHE FToAM 2R FE S o] $I8
‘Python’ & A}&3te] [ 4-1]13 #o] Python’ ZHS A3 s & A e

[E 4-219F 2o] 44 &2 F9 @ & 9
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[3F 4-7] 715 AeF AARE Aol g vjal 4]

HAE FFE 5
Nzol/EF] &4 AT
ik
Document Result Document Result
docl 0.8967 docl 0.9362
doc2 0.6832 doc?2 0.7893
doc3 0.8799 doc3 0.9113
mAUXO 24 WI|E HAE BF T
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