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ABSTRACT

3D Body Gesture Recognition using
Latent-dynamic Hidden Conditional Random Field

Chun, Woong Hee

Advisor : Prof. Yang, HeeDeok, Ph.D.
Departmant of Computer engineering
Graduate School of Chosun University

In this research, a novel method for recognizing gestures using 3D features
1s proposed. We use a Kinect sensor to analyze human body components and use
LDCRF (Latent-dynamic Hidden Conditional Random Field) to recognize gestures.
A hierarchical framework is used to recognize gestures; 1) A human body is
described by a set of 3D features. 2) Features are recognized using a LDCRF.
We use the Microsoft Research Cambridge-12 Kinect gesture database and real
data set to show the performance of the proposed method. The experimental
results demonstrates that the proposed method can efficiently recognize 3D

gestures.
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