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ABSTRACT

An improved category classification method

considering word distribution difference in the document

JaeUk Lee

Advisor : Prof. Pankoo Kim, Ph.D.
Departmant of Computer Engineering
Graduate School of Chosun University

Recently, the population of users of Social Network Service has been increa-
sing due to the development of smart devices that is where big-data be are
accumulated. Pattern recognition, machine learning, nature language processing
can process and analyze the big-data. Nature language processing is one of
the methods which deals with human language using computer. This area fo-
cuses on a human availability, and many other applications such as keyword
extraction, information retrieval, document summarization, document classificat-

ion and so on about a human availability.

This paper proposed the method of extracting keyword that special feature
words assign high score and without discernment words assign low score in
document. First, we extract one of the representative word that same meaning
and different shape words such as neologism, abbreviation and synonym
word using ‘redirect’ option of Wikipedia. And then, we calculate the deviation
to consider of all documents. Principal keyword have high weight value by as

signing additional values to words above threshold value.

As a result, the precision rate has been increased up to 1.15% than the

TF-IDF method.
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1 a7 WA & 55

2TLE 717]19] g R Qe JIEYl AHEARES Wek FAE VA gal &4
Y E$ A AH|2:(Social Network Service)E ©|&& 4 UA HAoh o= I3
JEU bl AheE AR} tlolel7t AAHASH, o]& M Ho|E(big data)
ghal F-Enh B dojE = HolE e 7, #d, AHE A} £AZEHVL &
& g de Z7]e FAE oM HolEE HstH[l], 7= A ElEhhtol
Eo|A o FEHHIOIED 74X o] 24 ojx | WHista thefk e HlolE =

o] Fag Hold Ao AgE F A/ WEe] FHLa glom, ¥ Yol

HE BA3la g840=7 #Agsty] Y doleAE
glaka ok

9 dolHE EMste AT WHORE FE 23, 7A TF, A A
ol ATBIMI5]. ©] F Aol Age AFEIE o] &3 At AdolE of3 9
BAetE F As ZIEolte][7]. Aol HEle FE H2E ZAE B3
E 7198 FE5t1, 28 79=2 AP, A5y, dolgy, EAE
F & gt olelg ] dolH B4 &g o]&% dEAHR] AHEE HE @
Hhebzh 2008 Pl B E AANA fFEA dolHuol~E BAF FERE F
A% 5, FAA DE2Y AA AFom manF AAE 33 FHo| Y, TF

1) Elghato] E(Terabyte, TB)&= 10'?, #|E}u}o] E(Petabyte, PB)&= 10"° 2 oJm]dh= SI(FAI S A)
7ol e, setet HAFEIY HlolEE EASHE @92 vlolEVF §X7 ARFS UERE
@9jolt}. (1 TB = 10" bytes, 1 PB = 10" bytes )

2) HolEAlE = ol &4 9 AEUHY 738 5 AE7F Asie BE
A HolHE EAse & T2

3) ¥ ¢I4|(Pattern Recognition) &8HA%1 HZE o] &3 WolH, AFAFAM 73 A, t
&E skl 14shE ZAol sl

4) 71Al 85 (Machine Learning)2 A X
o2 g2 HRE 802 HE3] Y%

nj

BEERECE]

2 A8 Spstal, A8 S JEE A

olt}.

Collection @ chosun



S AAH o2 FH3 dHolElE vy og 57+ EdEE A5Gy, B3 4
H7F AA F2 FAS dAste] ¥ glolE] EopA 2 FHE& we AT A
7F AATHS].

Es il A4, oln]A] 4, #9F 24 o= JHHALYE ol AEE A
otH, AHEAES B fA ARE AAste 23E IS F Uk AR &
A oqre] 7197 EEEEk AREAE AMSE 1A=t dAISHA ¢be ol
+ Y3t ARE 7] IE Aotk AdE Sl % 13 Zo] @o] S
ARl ST, SA7] §o Ao dol2 RS HAE el BF St
22 FolofolAnt, FA oA dAshE ©olo] FEivE EEf B2 HRE A
Rtk =37, AAstE s 2419 719 =7 Weel As tE 24 delM B

o
¥
o
)
rit

g Eded AR AN Ans dA He EA7F Ao

o A]
59119 g e e A ) Sl i
= = , AT —-T=, =10, 2-"|, = ;> 1
B =2dAe 4 A4E dxste 71 et st AEE 719 uiA
&t#] Z3haL TF-IDFAlA o] RIS aushr] Xahe 2AHe /AAdshks Uy
< At WA 229l MAARE] 97139 v ol(Wikipedia) B R E ©] &3] 2
A ke Azxo], E2UE, Foo] 5 Told s tiFE "dojE FEt &4

N\
ox
%
M
b
b
)

_2_

Collection @ chosun



b

°

Uetdrl d=

whojol},

=

=

B(50)
Al

=39
) A4 Aemee] wol A,

0

Zhelargjoll A ©o A, B9

A 7 ALy

=

L

&

E
=

Al)

B(50)
tof
3o
S o
bel o

=

S|
S

)

Fod
™

k|

9

=

=

(=

3
Bel @& Z4shd 2 gol et o

B(50)

o

=
=

=7

T

il

24 F\}El r =H| r =L
u

|

a9 2. wo] A, B 7hEA A oA

A(TF:30), B{TF:50)

of

2]
TF-IDF (2% FdATolA AA

HHlC
4

A

=

2E
A=

o] B&

3
B!
]
—_

I

A lA 7149

1

.

TE OE 230 A

T°

o

R
B
wK

i

al7)

—

ey

R
L

!

o
Ak
HJ

)

s

l
tod #1719t oke] Fojof AHH

3

o

BolAe 71E] d 719

2

il

i

=93 7=l o

il

N
i

-
i

e

Tl 7HEX

Yoz 7+ BAe

i

9
il

3A 7=

l

A

L
==
3

s

ol 4]

ol
A= =]
T

37}

ojo o

=1

i B4 wol 7}

Nl

3
=
5

A},

A A

oju

&F

=0

=]

_?.

B
_va

160

K

Hol Ae

Aol A

= H
- -

Z 57%of A

Collection @ chosun



& Ak, 53 /129 HPAT F TEIDFE o] &3 F4
g AgF ATE BHSIL AMHS =23 0B AN
H

wmEe) W APl 2Y BA EF

719 = FZE(Keyword Extraction)> 1o A &
Aol UYete ©o]l F o] HE dolg FEIe Aottt SFEAIdlA
FINEE 75 A B2 dolE JYERE F28 A ¢ !
of 7= && Ask flo] 7I9=9 s =0l7] 97 o
ol¢} HHst B Hoxs A9 719E F=3 #HE EH 7HA B4
ATE AEET

6) BI2E ulo]d(Text mining) Tlo|E wlo]d(Data mining)oll &3tH, A4 = Holg ¢
oA WHEEE selolu SAA s Fol EA sk Eokolth. [10][11]

7) H2E B4 g £AE 2457 fEl BAE e Ade 2tk

8) 7|14 &% <tollA &8 Ho]E|(Training Data)oﬂ gt TAE T2
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1) o]% 7}5 X (Boolean Weighting)

o A= 7teA 54 U T /M Tt Wioln, ARAMN Foke
28 A 22 (Boolean Model)o|tht. wefA FAlo] &
@ow 008 FYstel AND, OR, NOT A4he o] &7t

K3
N
T
)
QL
)
=
T
l.l {
QL
N

1 if frequency,) > 0 P
= 1
W, {0 otherwise (= )

T2 1904 frequency )& =4 28T @l to] WEolth ol JtFEA=
ootal AlbeFol A2 Aol ol AR do] HEE AT g WHe A

CAE A= FAA A= =SEARL, 2

fr ol o
o
E
=

2) @] HlX¥(Term Frequency)

=AMl Edshs @ole] JieE auE dEhd et te Al u=
TF-IDF, TF—ICF(TF-Inverse Category Frequency), TF-ISF(TF-Inverse Sentence
Frequency) W= 7] ©o] Hlxo] &4, 7HHag, 42 dAE 8o
Vs ST YHoltt. V1RH R TF gholl ¥FS Weol wrow, Y3 TF

Y 75 IDF, ICF, ISF9] #A we} 74 &=917F At

BN

W, = frequency,) ('{l\__l 2)
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3) TE-IDF

TF-IDF= &A1 9k A4 AbololA ©oj o] 7tEA & SA sk thaEzQl WHe=s
AbEE L ok @] HIX(Term Frequency)E <9 41 ®WlX(Inverse Document
Frequency)2t9] w22 UetlH, dols et = £49 H=E s
YA FASE W ol v14][15].

Wi = the.a) X idf ) (4 3)

te olE UBhiF, gt BAE Uitk mebd g, s BA 4 okl e
wol to] 71EA (weghy & GJERAT tf, ) HAR BA 4 el Qe W

N& AA &4 Ageld, df,) = @l t7F s&st= £49 Hlxolty HAE

N ANGE B4 NER Yol 218 ADT i, &S 1B sk ol

A7 Jor] Wl TEIDES A% A3 & if,,) 9 9FE go| win

Feee 24 Y2E TN 249 4 e B dehla Qe we,
Pews FAAR WAL Avbe AFAA B FAS Ul 8% P
LB UEE, Hs Bog P28 F, FA wold] TRIDF 71EAE o
el FAOlE FEHAL of ATONA BE griEW A3 FXNE Rol
$ Anuok gEEe B HFAE AL v, DLW Gl w2
Qe w FANE FEF YT} 421% P ATH6]
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4) TF-ICF

S3te o=, o 5 Hlx(Inverted Category Frequency)
T T | tisi A 7HSAIE =A FaL, o= HF
AT Hes dole 7HAE 9 Foss R olt15].

Wii.a) = tf.a) X icf) (<=4 5)

T2 dFe] A2 HFE7E @ AN e] B THFAE S8D W A

icf(,) =log(M)—log(cf(;))+1 (%2 6)

S gol A M AA MR Agelr, of, & Tl 7 SAsHE W M
Solth. Al WFel A5 Mo NEWF wol 7k FAY AL icf,, @l 0

o] H7] wj&ol ol 1& YAt

oA &2 TAUNES] 4 FHH g e Tojell TF-ICF @< #8835t 2133t
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o] F A e AERZFE o8 FAEE SASts AT ARFI 7 sHH e
o] g Mrt @A stERlErE 23 d JHE R A7 L& 7 HA
g 2AE N 23 A WHe A Eet w2 JhHae] e'® [ 2AE

7/ 3F A TH18].
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5) TF-ISF

TF-ISF+=
tence Frequency)+<

Hshe
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4) 4% A EZFMutual Information)

BAA Aol X (Statistical language model)ollA F= AR&3tE= 7R o] H[25],

T EAY Ffete ARFY 712 FAEE Tk ot
_ P(ANB) e
A5 ARZFe 24 113 2} z].'E(Plrobablhty)g ALEELe] AA 49 B

GEL JWoE THee ANE ALEr] uRd B4 el Bua Hurt
gow Wesrs gEgte] wolAt wHol T
AAe HeARBY BYPA ouAdL o]gs] Boolejole] ofn] Feol4

A% AASAT. o] ATNA o5 Tol 7he] ARAFE FEARBEL o &
£ ol g3l Wolsol B3 A Ay TAE 3

Astlth. ER, AT AL Y olF Ao Hlgol tE FEH 9} o
Wl g 71ER, EEole o] EAE ogd dojd E4L WAL
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5) AX &5 (Information Gain)
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1. %A 2] (Preprocessing)

AAE s Aol A Bopol A Zoluh BAE B @ 72 Aol
ol LMol q BAL Holzy] BelE EIHAZ F, 2ol AHL Ed
ol AART olF HAY, veld, BrE ol wolo] s PO wp
~E HAe AH ARe Bol EAS BESL A B4 AT B =E

A BAE wol Fold BAE agHo RAY 4+ b WAE 33

- 24
2 HoAe AT BB AA ] Aedrt

X

j
.

et
o

1) E= Y] A (Tokenizing)

Eel e B shtel Bof W ARFAIE Aot BRoIA o
o|27]% 7|2 0E TolE UrH, HAel 3o 27] welr

2) E-8-°{(Stop word) A A

Bgo] A7E BAA BURF BolE AFss APoz FEA, WAL

B, 24 5 ol Qe ©olE B8o] AL ol4d AANTY. ® 20E 9
Ey(WordNet)ol A4 AHgats Bgo Adolty. Boad wols Al AA%
cmm 2H, FA B4 HHolN F 9 aedos AL AT 5 Ao

11) A WordNet Stop List[27]
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5o 5ol 8o
1 I 13 against 25 everybody
2 a 14 amid 26 everyone
3 an 15 amidst 27 for

4 as 16 among 28 from

5 at 17 amongst 29 her

6 by 18 and 30 hers

7 he 19 anybody 31 herself
8 his 20 anyone 32 him

9 me 21 because 33 himself
10 or 22 beside 34 hisself
11 thou 23 circa 35 idem
12 who 24 during

3) 2E " (Stemming)

seR e Golg Ade] FHE WMAAIE Aot Folo] TP ol
Akl BE, BEge] BE £AX wjEo] wojo] s, esE Holn], B A

F AR FUHL 93 Tojo
pzs

AFow WA &3 YYLFL 2uY AU o)Al

of A]
Document will describe marketing strategies carried out by

U.S. companies for their agricultural chemicals, report

FA12)
predictions for market share of such chemicals, or report
market statistics for price cut, volume of sales.
document, describe, marketing, strategy, carry, company,
2 H agriculture, chemical, report, prediction, market, share,

chemical, report, market, statistic, price, cut, volume, sale

12) Search Engines #1A1¢ll¢] 4.3 Document Parsing®] Stemming =73{28].
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4) FA+ HA(POS Tagging)
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4. Do) dold FAVIE
7|5 o] r] 7|5 o] v 7|5 o] r]
DT AL JJS | 984 A¥w | CC <9 AEA
QT THA JJR | |84k vy | UH A}
CD 714 JJ 3 & A} RP A}
NN YAF, G MD WHZEA SYM 713
NNS BAE, B4 VB FAE 719 $ &3 7%
NNP TGHAL, tHeE) VBP Ak A, “ /78 W
e 3914 ¢ A9 o
NNPS | 3LF98AL 558 | VBZ | 84 @49 3293 v ( o &%
TO A2 A VBD A HAE ) 9= 35
PRP 213 g AL VBN | &AF, B EA : A3
PRP$ 2t A VBG | 2k 8L dakeAt TE 2 TFA
POS Sf TR IN AL F45 AL T 3 TFA
RBS FAF, FHAdE RBR HFAF, Bl RB AL
UNKNOWN | 9F = Q1= whol
WRB I like you when you eat something 759 When Z& & -&A}
WP HANEALZ AH8E wf o] which ¥ that 22 tA}
WP$ A4 AL (4 whose)
WDT Which book do you lkie better 7+%¢] which Z-& 3-AA}
EX There was a party 7oA} o], &2 there

13) Ao} Ag] 7429
14) gol Aol Agsh= FAF B12[30]
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import java.io.BufferedReader;
import java.io.FileReader;

import java.util.List;

import kr.co.shineware.nlp.posta.en.core.EnPosta;

public class n_extraction {

public static void main(String[] args) throws Exception{

/[BE A& 4 golre g

EnPosta posta = new EnPosta();
posta.load("C:WWmodelsWWmodel_0.5");
posta.buildFailLink();

/[HZE 34

FileReader fr = new FileReader("documnetl.txt");
BufferedReader br = new BufferedReader(fr);

String fl = null;
do{
fl=br.readLine();
List<String> resultList = posta.analyze(fl);
for (String result : resultList) {
//Ee473 A=
System.out.println(result);
}
}while(!(fl==null));

br.close();
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of Al

Document will describe marketing strategies carried out by

U.S. companies for their agricultural chemicals, report

iR
v
Sl
o

predictions for market share of such chemicals, or report

market statistics for price cut, volume of sales.

Document/NNP, will/MD, describe/VB, marketing/NN,
strategies/NNS, carried/VBD, out/RP, by/IN, U.S/NN,
companies/NNS, for/IN, their/PRPS, agricultural/JJ,
chemicals/NNS, report/NN, predictions/NNS, for/IN,
market/NN, share/NN, of/IN, such/JJ, chemicals/NNS,
or/CC, report/NN, market/NN, statistics/NNS, for/IN,
price/NN, cut/NN, volume/NN, of/IN, sales/NNS
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&
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FA HAS T 22 FAF T NN 7127F 2348 2o
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2. 917)9] Tt ol 8 o] §F Bl B W

A71vy ot 229 MR o R g AR AR AFAR Folstn,
A2 ZElZ(contents) 9t Th=4 A2 FHLA HABRE FHsty AT =
g, 71 bols AARte s ARIVE AAGEHI, 7AEHY] dfEel fEdbFg=
GEA ARE Ao tid E4 BR FEA AtS A Feoh 2d9a HAE
2 AR, 2= 1AL A, A £, 348 AR e 7Iie s E47F 71AH

7] el A0 FEek il vk A#AdE ZEAA ATH32].

I‘FI

=2 97| t)olol| A A EEE A AR redirectE o] g3dte] Al
9%, 590 59 POl st HE o=

BN
S

1) 719t oLE o) 8% AR &

mss o Beas
[ < 16— -8 ¢ w suesparon- ipeda. x ||

-

& Notloggedn Tak Contibuions Create account Login A

Atticle Talk Read Edit View history d Q

WikieepiA ~ Businessperson

Tha Poee Ericycopedt) From Wikipedia, the free encyclopedia
et Pee. "Businessman" redirects here. For other uses, see Businessman (disambiguation)
f::m: o A businessperson is someone involved in business - in particular someone undertaking activities (commercial or industrial) for the purpose of generating cash flow, sales,
Current events and revenue utiizing a combination of human, financial, intellectual and physical capital with a view to fueling economic development and growth. An entrepreneur is an
Random ariicle example of a businessperson. The term "businessperson” may refer to founder, owner, or majority shareholder of a business or t can also be used to describe  high-level
Donate to Wikipedia executive who does the everyday running and management of a business even though the executive is not the owner ™ The term may sometimes mean someone who is
Wiipaa e involved in an upper-level management role in a corporation, company, enterprise, firm, organization, or agency. This can especially apply to the founder, an owner, a
Interaction ‘manager, an executive, or an administrator in charge of total management of a corporation, company, organization, or agency 1
Help
About Wikipedia Contents [nide]
Community portal 1 History
Recentoianges 1.1 Prehistoric period: Traders
Corfact poge 12 Medieval period: Rise of the merchant class
Tools 1.3 Renaissance to Enlightenment: Rise of the capitalist

Wit fps ete 1.4 Modemn period: Rise of the manager
Related ch:
coe e 2 Qualications

Upload file

Special pages Rty

Pemmanent ik 4 Business guru

Page informaton 5 Seealso

Wikidata tem & References

Cte this page 7 Exteral links Vi

a9 5, 9719 gol B4 AR oA (Businessperson)

15) Golo] ow] o}3 %= [31].
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AREAFE O] Bol 2e TDojdsE 4 HHE Fol o] &siA Hal, dojet #
de Fgau AERE AAsHA I AAEE AERE 9A 84 AEE F3 0
of oy FZAete] Bd FAY, JHElEE ER/7F v =Y, 9719 Hol=
Aol thek Holwd x5 Uro] AAsHA Ametal Jlerng HEA] A
U 389 J2 AEE 47 e 7 Avh 18 42 7Yool WA B
sinessperson @]9 4 HRE UEWI At 9% Tools 715+ &3t &

A AR, 3 AR & €9F 5 dth

Mo |

fz

c

2) Redirect 7|5 o] &% R T F&

9719 ] obE Redirect 7]%5E& o83t Al=xo], 29T, Fo T on7t &
L ol s e tiE dolE el k. o] wWEo FA tellA omrt 2
AR, et g2t AR gE vk da4E FAdd A S A+ Ao

X 7€ Redirectel] s|F3ts ©o] F R FEo|th

X 7. 9719 o}l Redirect o]

ol Redirected word
Businessperson Businessman, Businesspeople, Businesswoman
Cadaver Corpse, Cadavar, Carcase
Child Children, Schoolchild, Sproggen, Kiddies
Ceramic Keramika, Pottery
Event Occasion
Forever dever
Injustice Unfairness, Wrength, Unjust
Law lllegality, Legal,
League of Legends LOL, Dominion, Runeterra
Mathematics Math, Mathmetics, Matheamtics, Matemathics
Professor Prof, Professora, Professorship, Catedratico
Promotion Promo
Rebelion Insurrection, Rebels, Uprising, Insurrectionary
Test Examinations, Tester
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E& tE TojQl BusinesspersonC 2 W& st FA 7He] o FH Wl
5

o hPste BAS FASE O U Aok

e' 7‘|W https://en.wikipedia.orgiw/ O ~ & & H W Pages that link to "Busines. . % | | ok

=Nﬂ[ logged in Talk Coninbutions Create account Login .

a

Article  Talk Read Edit View history

wikmpepiA | Pages that link to "Businessperson” @ rer
The Free Encyelopedi +« B person

Main page — What links here

Contents

Page: ‘ Businessperson
Featured content

Current events Namespacez[all  ~| [ Invert selection

Random article
Donate to Wikipedia

Wikipedia store [ g
T Show transclusions | Show links | Hide redirects
Help
About Wikipedia The following pages link ic Businessperson
Community portal
Recent changes External tools: Show redirects only
Contact page
e View (previous 50 | next 50) (20 | 50 | 100 | 250 | 500)
ool « Businessmen (redirect page) (links | edity
Upload file
SR « Businesswoman {redirect page) (links | edit)

American businessman (redirect page) (links | edit)
American Businessman (redirect page) (links | edit)

Printable. version

.

M| Languages o

.

Businesspeople (redirect page) (links | edit)
Businessman (redirect page) (links | edity

.

Business people (redirect page) (links | edit)
Business owner (redirect page) (links | edit)

.

.

Business Owner (redirect page) (links | edit)
Businesswomen (redirect page) (links | edit)

.

Business person (redirect page) (links | edit)

.

Business man (redirect page) (links | edit) )
| adv Business (redirect page) (links | edit)

1% 6. Businessperson ©o19] redirect A X
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J%¥ 6% TF-IDF 7}FA&

A FE Aol

z Wit 2 4%

]

A gakel AT k5 7}

g 25 =M
1. car T
30. car
49, car
a9 7. wole] By WAl 2 A9
a9 694 T care= TolEo] Exd

flo

¥ 8. ©@o] care ¥ HAAF 3k
n 4
m 1+30+3+49 _ -
4
=4 g \/(120.75)2+(3020.75)21(320.75)2+(4920.75>2
T dxt 19.929
@o] care AX| &} A Fo doAAF, AS|el = BEYEE JHAA
23t} o] wEo)| wolo HHS AAHOZ 2075HT = =92 AX|, AA
car @]9 TF-IDFol| 57} HAgkS FoJ 3t
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4
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ERIRNE P
AL - £ | Documentl
A I B c D E F G H
Documentl | Document2 Document3: D DocumentS D Document7 Document8 Documentd Documentl0 D t11 Documentl2
2 |sFo Park Bo-gurReunited  boy return Culture Kanto Artist Water Gangneung Jang Gold
3 |impression releases  tops band jack event Earthquake recreates  carrier home LPGA medalist  test 15
4 |Entertainme drama chart GOT7 swings holiday ~ Massacre  pottery Josson influencer Taiwan fencing  Korea o
5 |FNC soundtrack band music boy Wednesday viewpoints style jobs Joseon Championsk Rio Iran F
6 |Korea star Kies chart band Sunday  noon couple occupation GANGNEUNCgolf Olympics  match E?
7 |talent Moonlight year album album avent port day Seoul Gangwon  career bronze Korea a
8 agency Drawn music Information TOWN family city exhibition century Province LPGA medalist coach Tu
9 [K-pop Clouds chart System examen artiNational  Yokohama Chong-nye water Gangneung title right game ac
10 [boy show ballad Wadnesday Seoul musie of korruins potter Seoul home Sunday  fight stage m
11 |band agency word FLIGHT Tuesday  Center earthquake pottery city figure month Hwang qualificationm
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10 award music of kores Sunday Showcasing
11 [band Center month title
12 [beat festival HSEBC franchise
13 beats garden Women game
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15 BigBang historical reen shot shooter
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18 cable performance bogeys company
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24 competition Seoul Clhab Korea
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N = tcri=inm Traditional

Eill sibum 19.203 0.000 0.000 0.000 =
: 17.641 4,704 0.000 0.000
13.294 0.000 0.000 0.000
0.000 22157 0.000 0.000
0.000 23.634 0.000 0.000
11.817 0.000 0.000 0.000
0.000 5.000 3.000 16.540
2.000 0.000 0.000 22198
8.863 0.000 0.000 0.000
5.908 0.000 0.000 0.000
B.863 0.000 0.000 0.000
8.233 0.000 0.000 2.352
0.000 4.704 2.352 0.000
5.908 0.000 0.000 0.000
0.000 0.000 10.000 27.139
10.501 2.625 1.750 0.000
0.000 31.020 3.500 18.836
0.000 0.000 2528 2.352
9.409 3.528 0.000 0.000
5.908 0.000 0.000 0.000
1.750 1.750 2.500 2.625
15.289 2.352 0.000 0.000
0.000 7.000 3.000 17.373
0.000 2.352 2.352 0.000
2.625 12.250 0.000 1.750
2.625 0.000 1.750 1.750
2.352 2.352 0.000 0.000
10.585 2.352 0.000 0.000
0.000 5.000 4.000 1.769

1.750 0.000 2.625 14.727 .
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¥ 11. Entertainment 7Fe]a2g] whoje] Az} s A 83k 7153 4

o] TF IDF TF-IDF | log(@AA}) | #FHF 7F6X]
band 15 1.176 17.641 1.360 38.047
album 13 1.477 19.202 1.381 37.151
music 13 1.176 15.289 1.433 33.922
group 12 0.875 10.500 1.408 27.392
song 9 1.176 10.584 1.423 23.394
boy 9 1.477 13.294 1.365 25.577
chart 8 1.477 11.816 1.361 22.702
member 8 1.176 9.408 1.323 19.991
Entertainment 7 1.176 8.232 1.320 17.470
Dance 6 1.477 8.862 1.344 16.926
drama 6 1.477 8.862 1.344 16.926
show 5 1.176 5.880 1.304 12.400
year 5 1.000 5.000 1.282 11.409
FNC 4 1.477 5.908 1.331 11.232
Mnet 4 1.477 5.908 1.331 11.232
style 4 1.176 4.704 1.295 9.882
fan 4 1.176 4.704 1.270 9.784
program 3 1.176 3.528 1.354 7.589
Seoul 3 0.875 2.625 1.351 6.677
scene 3 1.477 4.431 1.295 8.315
company 2 1.000 2.000 1.346 4.693
month 2 0.875 1.75 1.340 4.429

3% 112 TF-IDFol| #3tgks 283 HF 7154 ghelth. TF-IDFl 4 IDFe]
o] orm=z FEHo| I, IDFY 221 Hzak g FU7IE dFgo=zx #
g e 71EA] Fhe]l A E QAT Entertainment ZHE| 2]l A @] albumS TF
-IDF 7}g217F 7v4 ot shA T ©hoje] HAE A8 A3 ©@of band7} T
ZHel g olA M B T E WA EAT
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singer, Zico, Block, AOA, eolhyun, agency,
Tuesday, attention, Zico, relationship, reasons,
Zico, agency, Entertainment, nature, FNC,

A1 Entertainment, Seolhyun, agency, news,

i1t
n
Mo

attention, relationship, rapper, couple,
Zico, Seolhyun, relationship, online, media,

outlet, Dispatch, photo, couple,August, March
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¥ 13. TF-IDFE o] &3t Ad A9 Jtelag] &/ oAl

Entertainment | Traditional Sport Game
singer 4.804 2.425 0 0
Zico 0 0 0 0
Bolck 0 0 0 0
AOA 0 0 0 0
Seolhyun 0 0 0 0
agency 3.903 4.682 0 0
Tuesday 5.836 0 0 0
attention 0 14.434 0 1.477
relationship 0 2.382 0 0
reason 0 4.624 0 0
Entertainment 8.232 0 0 3.882
nature 0 0 0 0
FNC 5.908 0 0 0
0 0 0 0
A 28.317 28.547 0 5.359
14 2 = YHE ol & AF A9 FhE g E5F oAl
Entertainment | Traditional Sport Game
singer 12.173 4.830 0 0
Zico 0 0 0 0
Bolck 0 0 0 0
AOA 0 0 0 0
Seolhyun 0 0 0 0
agency 7.425 7.502 0 0
Tuesday 14.788 0 0 0
attention 0 3.0152 0 2.942
relationship 0 4.744 0 0
reason 0 9.211 0 0
Entertainment 18.185 0 0 8.109
nature 0 0 0 0
FNC 14.970 0 0 0
0 0 0 0
A 68.143 46.441 0 11.051
TF-IDFE 7}e|1g] 2752 & 3% Traditional & EF FHAA T, oo B

LR

7He| aLE] ¢

T2 o

Entertainment 7}H| 28] 2 21824 EF=ATH

Collection @ chosun

THEAE

3Fo F



B om=Re] Wz
Bore] AHHoEE 77 TEaw

% 15, % 163 #th

TF-IDF ®'*H 2 2 Entertainment, Traditional, Sport, Game

, A AFEAE JHEaY] BRT Ade
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Entertainment 476 8 2 14
Traditional 11 481 0 8
Sport 4 1 488 7
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Entertainment Traditional Sport Game
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Traditional 9 483 0 8
Sport 4 1 491 4
Game 11 8 6 475
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